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A Pointwise Approach to Automatic Word Segmentation

SHINSUKE MORI," GraHAM NEUBIGH?
and YuTa Tsusorf?

In this paper we propose a design of a word segmenter which allows us a
quick domain adaptation keeping a high accuracy in the general domain where
a large annotated corpus is available. Our method is based on a pointwise clas-
sification which refers only to the neighbouring characters. This design enables
us to train our word segmenter by using a partially annotated corpus in which
only some parts are annotated. As a result, a high domain adaptability is re-
alized. In the experiments we compared our method and existing methods on
word n-gram models or conditional random fields and showed our method is
superior to the others in calculation time and accuracy.
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Table 4 Word segmentation accuracy of the general corpus (without UniDic).

ooooo 0ooooo
pooooo 000 [%) | 000 [%] | 000 [%) | FOOB =10
00 3-gram 000 99.06 98.20 98.43 98.32
000 3-gram 000 99.12 98.40 98.51 98.46
00000 CRFsuitel 98.90 97.94 98.02 97.98
0oooooo 3)d 99.25 98.57 98.62 98.59
0000LR duald 99.27 98.68 98.68 98.68
0000SVMO 99.30 98.72 98.70 98.71

05 00000000O0000000DO00O00DO0OUniDicOODO
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Table 6 Word segmentation accuracy of the specific corpus (without UniDic).
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Table 7 Word segmentation accuracy of the specific corpus (with UniDic).
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Fig.2 Relationship between the number of annotations and F measure in a domain adaptation
(SVM, without UniDic).
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