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English Part-of-Speech Tagging
Using Lexicalized Markov Model
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Abstract

In this paper, we report the results of lexicalized Markov model applied to English part-of-speech tagging, which
we have proposed and applied to Japanese Morphological analysis. The instructions to lexicalize Markov model
are summarized as follows: 1) lexicalization of part-of-speech; 2) memorization of word sequence. This provides
us with more faithful Markov models to the learning corpus. On the other hand, the lexicalized Markov models
may be less robust to unknown corpora. This problem is solved by superposition of lexicalized Markov models
and part-of-speech-based Markov model. We conducted experiments on Wall Street Journal corpus and obtained
the considerably high accuracy.

Key Words Part-of-speech tagging, Corpus, Lexicalize, Ideom, Markov model
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