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Domain-Specific Unsupervised Named Entity Recognition

SuzusHI ToMoORI}'®  SHINSUKE MORI?-P)

Abstract: In this paper, we propoce an unsupervised named entity recognition for a particular domain.
Our method is based on PYHSMM which has been proposed for unsupervised word segmentation and pos
tagging model. Our model incorporates word level PYHSMM and semi-Markov CRF and requires pseudo
labeled data in general domain and seed data in a target domain. Our method can perform domain-specific
NER with low cost in a domain which doesn’t have domain-specific NE corpus. Our method can be applied
to various domains regardress of languages and NE definitions. In the experiments, we took several target
domains in English and Japanese as examples. Experimental results showed that our method improves the

NER accuracy.
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Add initial segmentation (X, Y;) to ©
Add initial segmentation (Xp;, Ypi) to ©
Add initial segmentation I(X,) to ©
Optimize A* on (X;,Y7)
for j=1,2,...,J do
for s =randperm(X.,, Xpi) do
if 5 > 1 then
Remove customers of I(s) from ©
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else
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chunk;_y & chunk; , [0 - BT 2w KED chunk ¢
H5b,

AREBRICH L7 NER 2 — S 213 §TXT, 5L 7
A FHDBRENT RS, FEMa— 22k b % HEL
L7 b2 DO NEA Y AY v A% 7 7 AL, 2
NSENEA VY RY Y RAZGEUTINVNETIA 2T VS
LI I XFORML, = FF =% & LT, #lRIE,
GENIA 2 — 82D DNA 47 7 ATld, “IL-2” & “LTR” %}
O CHBL, 206 2E&T “IL-2 gene expression and
NF-kappa B activation through CD28 requires reactive
oxygen production by 5-lipoxygenase.” & “The formation
of this complex would increase, independently of an in
synergy with NF-kappa B, the low basal activity of the
HIV LTR observed in normal T lymphocytes.” % > — F
T=8ELTEZ,

5.3 KERER

GENIA a2 — S 2B L Tk, BEEHGER S %2 v 2o &
Fev F v I R—ADFE [49] (MetaMap) & /N4 7 [
DH A7 L NER [36] (Zhang and Elhadad) & Hig L 7z,
Ly Ba—nm"R LT —Afgdla— 2B LT, Bz
LTI X 5 NER OREEMIE 7o, v —L 2 2 ]
WCHEMAEMH ATV, 20, diH L 2SRRI
LTRA Y7 Y HMM [50] Z HWT 7 7 A8 EfT>7: b
DR—RA 74 E LT,

*1 http://www.phontron.com/kytea/
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*2 http://gensen.dl.itc.u-tokyo.ac.jp/termextract.html



BB SARERES
IPSJ SIG Technical Report

ISl

Method Prec. Recall F-meas.
GENIA

MetaMap [49] N/A N/A 7.70
Zhang and Elhadad [36] | 15.40% 15.00% 15.20
Proposed 11.20% | 29.10% 16.30
Loy

Baseline 49.78% 25.89% 34.07
Proposed 36.45% | 42.58% 39.28
7 — LIRS

Baseline 52.75% | 29.18% 37.57
Proposed 75.57% | 35.05% 47.89

= 3 FEHS R (Precision Recall F-measure)

FFEREZ LRI ITRT, IO, TRXTOTFHITEVT
REFEOHDBIEETEL D DEER IV LB3b2 3,

6. BBHLHIC

ATk, FREDEICE T 2807 L NER Z#8E L 72,
AFHE PYHSMM ZIER L 2 RA 7V ETILTH S,
— B O E R BHIHAT T — 5 L LTS 2 T FRE
THICEE 2R EE - 7 7 AEERRHICIT S,

SHOBEE LTI, TV T4 T4DB5 2607 RET
DITFAVERE % FIEL L. SCR [35] & D277, BIE
EA R OREEEZ TV, SalfER s &b EE A
EEZBILENBTELDT, FMEEZEEL CoBMHEHZ
v, JEREE O NER ORI 720 ¢ <. BIfR
MR E R EOBRB O ICE T, AFEE M
L 7B D i 72 £ bIT w7, Fh, AFRENREL S
T DA ESECHBLT 2 §ESZ NEA Y AY Y R L
LTk c& 228, BHHEDNE A Y A% v AXiBi#%d %
DIEE L, (RAAE L DEE R NE A VA Y v ZAD##%%
SHDOMEE L2\,
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