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Abstract: Evaluation of positions and moves provided by computer Shogi programs is widely used in watch-
ing a game of Shogi. Such evaluation information will be even more useful if it can also be given in natural
language. In this paper, we propose a model for generating Shogi commentary with two steps. First, we
predict characteristic words for an input position and then generate commentary with them and a language
model. We used only sentences about strategy for experiments. Our system was able to generate useful
comments for some positions.
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*I GPS o7 4 > b https://twitter.com/gpsshogi
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Fig. 1 Framework of our System (Practically, the system predicts words such as “Itte
(One-move)”, “Kaku (Bishop)”, “Mino”, and “Kakoi (Castle)”)
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Table 1 Relationship between class and the amount of com-

ments

S A Nl A i BI B2 ik C1 C2
70 | 1,979/7 8,259/45 6,816/78 8,235/120 11,363/164  13,323/217
693 | 1,185/4 8,124/45 6,392/78 6,484/120  8,407/157 10,218/213

68 | 1,971/7 8213/45 6,927/78 6,801/120  7,622/155  8,615/217
67 | 1,234/6 7,126/45 4,898/78 5,534/117  T7,156/155  8,013/215
66 | 1,382/7 5,359/45 4,513/78 4,422/109  5606/144  7,548/225
65 | 728/6 4,388/46 2,875/78 3,373/115  4,461/140  5,848/227
64 39 0/7  720/45  372/78  425/115 693/148  1,007/228

*2 http://www.meijinsen.jp/

20142 H 13 HT7 7R
*BOFER O 2 ML LITIEESIRE TN TN D L OR%ED
Tbd D7, XORKEREITIT L.
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Table 2 Relationship between class and the amount of noisy

comments
TL—=x ZUN 1 Af%k Bl# B2# ClL# C2#%
(= A MO 8,479 42,189 32,793 35,274 45308 54,572
T2 ETOERREIT 132 912 1,607 2,555 3,115 4,627
7Y W 123 686 762 1,142 1,427 1,745
B O 29 195 205 294 355 467
4B DL 6 165 195 257 264 363
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8,000 XX & FIFAT — %, 2,540 XA&FMAT—4 & LTH
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*4 http://leenissen.dk/fann/wp/
20142 A 21 HT 7 &A
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b, ZOXIRFEICOWTIELL HEEZFHT S Z &1
HEL U,

5.3 fRERXAER
RETIEIC X DEHSTER ORI Z1T > 72,
XEZTEOXOHBMERER 4 18T, ABFETIZZ N

%, Wi A5

e (Z5a) 2

TEEIL, ZhE P(len(S)) & L1z, ZREND/RT A —
ZIEA=52, p=1285 LHEESNzc, LT TIEZR
i LAY

AR OFHE & LC, BLEU 227 [19] L FHEN 5 iE1E %
Mz, BLEU R a7 LIFIEMR & 70 230 & AR S FU72 300
EORRE—E L TV D& 2 RET, HIREIER O
R E LCE<HWLND bDOTH D, EMHFIL 7225

& 3 FHEAZLEEE TR ORI

Table 3 Results of predicting discriminative words

HFE Precision Recall F fi
R 0.54 0.31  0.39
B 0.40 0.36  0.38
N 0.70 0.54  0.61
b *5 0.51 0.51  0.51
R 0.23 0.18  0.20
HegR 0.38 0.37  0.38
X4 %6 0.57 0.39  0.47




ERUEFZRMIE Vol.55 No.11 1-10 (Nov. 2014)

01

009 r

008 r

007 r

006 r

005 r

004 r

Aduanbau4

003 r

0.02

001 r

0 10 20 30 40 50 60 70
Sentence length

B4 SCREHBEMROMEG ERBEBROAM, SRASTEREE)

Fig. 4 Relationship between sentence length and frequency

EERR E NI LD GRS 5 M n RO HEES] (n-gram)
D —EHLTODIE IR < 2D, AFZEICHENT
Z1REHZY 1 XBABIC Lo TR EShTnd Z e
5, BLEU 2 =7 (%

N
1
BLEU = BP -exp (Z Nloan>
n=1

BP — 1 ife>r
el=r/e ife<ry
> ngram Counteip(n — gram)

P =
" Zn—g’r'a’m’ COU’I’Lt(n - gram’)

(6)

LEF L. T TBPIXETE LHEEICHT L EA
HT, cl3AERSNIEXOHEFES, r ZIEMRE] O HEL
TH 5. Count(n — gram’) Z4ERSLH D n-gram DI,
Counteip(n — gram) IXAERSC & EfRFITIHET D n-gram
DO THBD. l-gram 5 N-gram FTEEZ, FILb%
95, BLEU 22730006 1 O AR L, EMREG]
ER— DX HEAERLIZGAEIZL L7225,

RS N BLEU 227 (N = 4) 1% 0.00907
&, AMIZ L AEHH & RO b O EERTE TS &I
AR, T, ARSI BLEU 2 2 7R
RTEVBEOENS D TH DD, EESITAER S I
AR LTz, ARNC K 28BN E KT 2 a3 5
STz 250 REIZ DWW, BRSNS OE K EofE
JE &SR LR A T E I 3 RS TR L2 R A R 4
(a7 e

AFEIZL-TERLE - 3k LEBICTELWEEDND
INERTE T REIIREOK 3B L oTe. BIED 4F
W72 5 105 SUIEEDRY ZEATND H D WL &
LTV N TWRWIITH D, REs b OEREEAE
DEEEEETNEUETOINERHLEEZOND. F
72GEEIELWE BB D S E 3T% I2HT-5 53 i

© 2014 Information Processing Society of Japan

9 8 7 6 5 4 3 2 1
2 EEEHEHE
Vil = |Fm
T W% |F w1
% | % % | FU
Fal
N[ BES -
o |E 5 S CaEaEa
U|_im[ B8 W |
S 2T EE

HEE fitr HEE i
L 0.973 | K&
Wz 00632 | & 0.633
AERCC KA OBEEE o 7S L,
G  FRRAE L 720 25 72,
B A X a

5 MRAORI
Fig. 5 Position of “Both Yagura-Castle”

B EHOLMNCRLRZNETH -7, RIEIC R L@ B
FESEOTHIREIfF SN IZEm TR, O
R T RENFEZELLEFETETWRNEBZIOND.
HEOTFHBEZM LSS4T, LVEKDOLETIEL
UWIERRSC O AR FIHEIC 72 D L WIRF T & 5.

SR OB & EEIC AR SN e 2 L TFIoRd. £
7o, CEBR L CSUE OFEREMEICONWT, £ 4 OFEHETH|
ELT.

S5IZETFrAANRE LIZRETHD. e ERno7
ZETHRENRRABVIZH S Z EMRITREL, BEWT
RE~NEMDITZOMRRBEEREND. ZOREICH L
REBRETHD L WVWI) ZENEZTREY, ELAEKRTE
TW5Enwz%., LLBLEU 2a7%Ex %L, —&T
L0 TRAE] & T,] OHRTHY 2-gram L EO—FIIR

R4 BRSO B - SUEO IEMENE
Table 4 Accuracy of generated comments on meaning and

grammar

A B C | /I
b’ a 73 19 53 | 145
b 6 8 35 49
% c 0 3 53 56
/NEE |79 30 141 | 250
EEUS ik
A REAZELLELTWD a: IELWVWXIZR->TW5
p. MELLHIVEHRY T
bDHEFFE AN
C: R EHLN RS

b: & LT—H#0 25T

c:3ELTHRY Lo TR
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